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Revolutionizing Al from the
Datacenter to the Edge
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Introducing Wave's TritonAlI™ 64 Platform
Licensable Al Platform Scalable for the Edge




Announced Derek Meyer as CEO

Delivered 11GHz
: test chip at 28nm

Developed Coarse Grain
Reconfigurable Array (CGRA)
semiconductor architecture

: Wave founded by Dado Banatao
: as Wave Semiconductor, with a

i vision of ushering in a new era

i of Al computing

Launched Early Access Program
: to enable data scientists to
: experiment with neural networks

: d the company to
: Wave Computing to better

® 2019 9
: H MIPS ) ‘-
¢ Closed Series D Round of : Created '/pen

: technology, providing! Wave expanded team to

2018

: Wave acquires MIPS to deliver on its vision for
. of revolutionizing Al from the datacenter to the
: edge

Announced partnership with Broadcom and
: Samsung to develop next-gen Al chip on 7nm
node

Launched MIPS Open initiative

Closed Series E Round of funding at $86M,
¢ bringing total investment to $200M +

Expanded global footprint with offices
and Manila

¢ funding at $56M, bringing : MIPS Open
i total investment to $115M+ : Advisory Board

MediaTek selects MIPS for MIPS Powering 80% of

include architecture, silicon

i performance and scalability :
and software expertise

i for Al applications

MIPS introduces first Android-MIPS
: based Set top box at CES :

: reflect focus on accelerating
¢ Al with dataflow-based

: : LTE modems
¢ MIPS Automotive MCUs :

: ADAS-enabled automobiles

w : Wave joins Amazon, Facebook,

: & ADAS engagements with

Google selects MIPS architecture for: : ’ ‘ -
: : : MobilEye, Microchip &

i use in its Android 3.0, "Honeycomb” :
obile device i

G MicrocHIP
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: Google and Samsung to Support
: Advanced Al Research
UC Berkeley
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Datacenter to the Edge

Networking

Market Drivers
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Cloud On-Premise Aggregation Point End-Points

: 48 cameras deliver 25 Million
Trackin Secondar . .
- Algorith?n > Classifiery minutes of video/annum to the

Primary Object Aggregation Devices
Classifier Detection

Overall
Analytics

New Data Sets

for incremental  |R = Threat

Secondary

<>

Training Classifier Classifier Condenses 100k mins of o
video/annum down to classified EX|sfcmg Camergs
objects for Video Ingestion

) 54— 12 streams PI?'

= I=][=][= l 4aggregated_"E“125treams >I?'

o o o 0 streams = E« 12 streams se——p A
. . . . New Cameras
LD | KCCCECN By CCCEES g ECCED =) E« 12 streams == I?' with Embedded Al
Wave Cloud Based Wave On-Premise Systems Wave IP Wave IP
Datacenter Systems (Aggregated Al processing) (Edge Router/Wi-Fi Access Point (Client SOC Integration of Al

For Aggregation/Classification) For Conditioning/Detection)

Flexibility - Scale out from the datacenter to the edge > Efficiency
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Single ResNet-50 inference =
~ 8 Giga-Operations

100 W =
10W =
2
3 TW =
(el
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0.01W -

| | | | | | |
1 50 100 500 1000 3-5K 10-100K
inf/sec Inf./sec Inf./sec Inf./sec Inf./sec Inf./sec Inf./sec
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Triad of Technologies

Key Benefits:

» Highly Scalable to address broad Al use cases MIPS64 + WaveFlow™ & WaveTensor™
SIMD
» Supports Inference and Training Multi-CPU

 High flexibility to support all Al algorithms
 High efficiency for key Al CNN algorithms
» Configurable to support Al use cases

» Mature Software Platform support

Single, Scalable, Al-Native Platform
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Data Rates & Network Complexity Drive Data Compute Performance Demands

*Curves represent the conceptual combination of these three technologies, not independent performance (Inferences
comparisons /sec)
Data , 100Ka
Rates Aggregated Core Network Data R 1
/ 3
GHz < 1ok | €
£
o
. _ ?‘00‘ t
Video to Radar Lidar . G 1k | &
MHz W g
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Music to Imaging i o‘m 100 g
KHz e—‘eos g
WY 0
Voice )
10
H Accelerometer
’ MIPS64+SIMD .
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1 "hese curves represent the conceptional combination of these technologies, not actual independent performance.**
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Thank You

KiEWave Computingalfils, IKENEZBPPTRRA.




